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Adapting a parser to clinical text
by simple pre-processing rules

1) Identify sentence types typical to the clinical domain.
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Extract sentence level POS-tag sequences  Calculate POS-tag sequence proportions

2) Identify errors made by the parser on sentence types typical to the clinical domain.
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1) Abbreviated words en-

ding with a full stop, resul- 3) Exemplify how this knowledge can be used, by pre-processing rules
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8) An omitted initial sub- - Analyse shorter sequences than sentences. I 1
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the subject of the sentence.
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